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Wild Chlmpanzee Behaviour Recogmtlon
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Known Backgrounds = Better Performance
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Example: A test video of travel and climbing
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Focused on the background not the Chlmp'
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Hackerounds alone predict behaviours quite well...
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Well-studied for human action, not animal behaviour

Shortcut Learning Backgrounds in human action recognition Backgrounds in animals
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PanAf-FGBG Dataset 5,070 wild camera trap videos

camera reaction - 6.72%

tool use - 3.76%
grooming - 3.48%
vocalisation - 2.91%
bipedal - 2.52%

aggression - 1.32%
piloerection - 0.70%

playing - 0.65%
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Footage Collection and Geography
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Ecological Diversity

14 Research Sites 18 Habitats, 389 Locations
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Evolutionary Importance
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Fach sample: - video pair with metadata
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Real-world vs. synthetic , provided for every sample...

(real Segmentation (synthetic)
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train

D test
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Dataset Views for Testing: [ vs. OOD
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Results: contain rich behavioural information

uAP (%)
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Old School: Background subtraction in input space
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BG Subtraction: our latent space technique
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BG Subtraction: effective in latent, not input space

BG Subtraction Results (3D R50)
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Experimental Summary — Use your BG information!

Performance (behaviour recognition)
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